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I from torch.optim.lr_scheduler import LRScheduler

class BatchScheduler (LRScheduler):
4 wunhatch 4 K E % S R E Zoenn

def __init__(self, optimizer, lr_lambda, last_epoch=-1):
self.lr_lambda = lr_lambda

€
;
8 super () .__init__(optimizer, last_epoch)
9

10 def get_lr(self):
11 step = self.last_epoch

12 return [self.lr_lambda(step)] * len(self.base_1lrs)
13

14 def step(self, epoch=None):

15

16 if epoch is None:

17 self.last_epoch += 1
18 else:

19 self.last_epoch = epoch

values = self.get_1lr()

self._update_lr(values)
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def _update_lr(self, 1lrs):

for param_group, lr in zip(self.optimizer.param_groups, lrs):

param_group['1lr'] 1r

self._last_1r 1rs

5 ) B Bl

I class MyLRLambda:
def

__init__(self, 1lr: float, tl1: int, r_min: float 0.01) -> None:

self.1lr 1r

self.t1l t1

self.r_min r_min

__call__(self, batch_idx: int) -> float:

if batch_idx > self.til:

r_t self.r_min

else:
r_

t 1 + (self.r_min - 1) / self.tl * batch_idx

return self.lr * r_t

MyLRLambda (0.1,
1r_lambda (0)

if __name__ == _main__"':

lr_lambda

100)

init_1lr

print (init_1r)
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