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1. CNNyvs. RNNvs. 3F2H
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Attn(Q, K, V) = Softmax(kQK")V (1)
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3. BLERNE

Z 3 FERE J1)Z (Multi-Head Attention, MHA) 1 Q K V il 55 (% S £ 175 5t
52, RGP Attention. IS FEE G M b IR, GRPHEEREK. BTN

MHA(Q, K, V') = Concat(head, , head,, ..., head,),
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4. BEEBHE
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